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20 Abstract

21 The gobal climate change made the heavy rainfall happen more frequent, and the non-point source 

22 pollution caused by it would exacerbate the risk to the water ecological environment. In this study, we 

23 took a reservoir (Shahe reservoir, Beijing, China) supplied with reclaimed water for an exapmle to 

24 investigate how spatiotemporal changes in the quantity and diversity of prokaryotic, eukaryotic, and 

25 algal communities response to heavy rainfall. Results showed that heavy rainfall could directly impact 

26 the composition of the prokaryotic community by introducing amounts of runoff closely associated 

27 bacterium especially for the human potential pathogens of Aliarcobacter, Aeromonas, and 

28 Pseudomonas in the Shahe reservoir area. While the eukaryotic community was rather stable, and the 

29 development and changes of algal community happened not the beginning of the heavy rainfall but 

30 after it. The microbial source tracking through FEAST indicated that the Nansha river (S) was the 

31 major contributor to the development of all the three concerned communities in the reservoir, where 

32 they were all strongly and positively connected with Chl-a, pH, turbidity, COD, and TOC, but 

33 negatively correlated with NO3-N (p<0.01). The eukaryote played a key role in the interaction network 

34 among the three communities, and were more likely to interact with algae and prokaryotes. It was 

35 suggested that the controlling of human potential pathogens associated with prokaryotic community 

36 should be emphasized at the beginning of the heavy rainfall, but the prevention of the eutriphication 

37 bloom should be another focus after the heavy rainfall. This study provided valuble information 

38 concerning the role of heavy rainfall on the water ecological environment from the perspective of 

39 microbial community.

40

41 Keywords: Reservoir; Heavy rainfall; Prokaryotic community; Eukaryotic community; Algal 

42 community 
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43 1. Introduction

44 The scarcity of water resources is limiting the rapid expansion of China's modern cities, and urban 

45 wastewater recycling and reuse has been considered as a feasible and practical solution (Tram VO et 

46 al., 2014). It was indicated that the amount and proportion of rivers supplied with reclaimed water 

47 increased dramatically in recent years in China (Heng et al., 2021). The function and biological 

48 processes of the receiving river are directly affected by the quality of reclaimed water (Chu et al., 

49 2004), and the reclaimed water with high concentration of nitrogen, phosphorus, and other nutrients 

50 would raise the danger of eutrophication and transient oxygen deficiencies (Meng et al., 2011).

51 Shahe Reservoir with a total size of around 1.8 km2 is located in Changping District, Beijing, 

52 China (Sun et al., 2019). On the upper side, it is connected to the Dongsha River, Beisha River and 

53 Nansha River; on the lower side, it is connected to the Wenyu River, which make it an important 

54 junction in the North Canal's upper sections. The discharge effluent from the wastewater treatment 

55 plants accounted for 70%~80% of the total inflow in Shahe Reservoir, which could be considered as a 

56 typical water area supplied with reclaimed water (Rong et al., 2021). This increases the danger of 

57 eutrophication in Shahe Reservoir, and non-point source pollution produced by heavy rainfall is 

58 expected to exacerbate the area's eutrophication potential (Zhu et al., 2018). Besides, the global climate 

59 change resulted in the changes of the frequency, intensity, duration and variability of extreme (high 

60 and low) rainfall events, where the heavy rainfall happened more frequent in China (Liu et al., 2014; 

61 Semenza, 2020). Extreme rainfall events could cause disturbances to water bodies by changing the 

62 hydrological conditions and influencing the thermal structure (Huang et al., 2014), and large amounts 

63 of particulate pollutants carried by runoff are brought into reservoirs, which cause serious exogenous 

64 pollution. It was reported that when the abrupt disruption of aquatic ecosystem can be evoked by the 
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65 rapid changes of climate condition (such as heavy rainfall), the metabolism of the microbial 

66 community would be thereby altered, especially the overproduction of algae (Zhang et al., 2006). 

67 However, in the face of disturbance, the water body microbial community itself has a certain recovery 

68 ability to maintain the ecosystem stability. So much attention has been paid to their resilience, which 

69 raises intriguing questions about whether these ecosystems can absorb and digest extreme rainfall 

70 disturbances, and how long it takes to reach a new steady state.

71 Previous studies indicated that the recovery of phytoplankton in the water was later than that of 

72 physical and chemical indexes in the face of extreme rainfall (Shabarova et al., 2021). According to 

73 our previous studies, the water quality of Shahe Reservoir was not significant affected after a single 

74 heavy rainfall and could be recovered within a week (Xin et al., 2021; Zhu et al., 2018) . Physical and 

75 chemical indices are often one-sided when compared to microbial community indexes. As a result, it's 

76 critical to comprehend the changes in the microbial population in the reservoir area following heavy 

77 rainfall, which serves as a valuable reference point for studying water quality changes associate with 

78 global climate change.

79 Several researches on the microbial community linked with freshwater habitats have been 

80 conducted throughout the last few decades (Eckert et al., 2018). These ecosystems have also been 

81 compared to large-scale studies of water microbial communities in urban water supply reservoirs 

82 (Ibekwe et al., 2016), polluted urban rivers (García-Armisen et al., 2014), and wastewater treatment 

83 systems (Fang et al., 2018). However, The majority of current research often focuses on a single 

84 microbial community, such as prokaryotic community, phytoplankton, etc. A single community, on 

85 the other hand, cannot always properly reflect the changes in an ecosystem. Because there could be 

86 interactions between prokaryotes, eukaryotes and algae. Thus, in this study, the Shahe Reservoir, 
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87 which used reclaimed water as its primary source of influent, is chosen to investigate the 

88 spatiotemporal changes in the composition and abundance of the three microbial communities 

89 (prokaryotes, eukaryotes, and algae) following a heavy rainfall. The aims of this study are to: 1) clarify 

90 the changes of the prokaryotic, eukaryotic, and algal community response to the heavy rainfall in Shahe 

91 reservoir; 2) identify the major tributrary influencing the development of microbial community in the 

92 reservoir during the heavy rainfall; 3) figure out the interactions among the prokaryotic, eukaryotic, 

93 and algal community; 4) provide valuble information and references to the impact of the heavy rainfall 

94 on the water ecological environment from the perspective of microbial community in the context of 

95 global climate change.

96 2. Method and methods

97 2.1. Study area and sampling

98 The Shahe reservoir area belonged to the mild continental monsoon climate (40.114-40.148°N, 

99 116.262-116.348°E), the annual average precipitation is 557.4 mm (2020), the annual average 

100 temperature is 9-19°C, and the rainy season located between June and September each year (Liu et al., 

101 2014). The reservoir has a dam to control the water level and daily flow, and the water level and daily 

102 flow is 34.2 m (the lowest level) and 416,000 m3·d-1, respectively, when the study was conducted.  

103 Dongsha River (approximately 50,000 m3·d-1), Beisha River (15,000-20,000 m3·d-1), Nansha River 

104 (100,000-200,000 m3·d-1) and reclaimed water from Shahe Wastewater Treatment Plant (90,000 m3·d-1) 

105 constituted the water sources of the reservior. The reservoir is designed to be a recreational landscape 

106 water body, and its water quality should meet the requirement of surface water IV according to the 

107 Environmental Quality Standards for Surface Water (GB3838−2002) of China.
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108

109

110

111 Figure 1. The map of sampling sites in Shahe Reservoir area, Beijing, China. E: Dongsha River, N: 

112 Beisha River; S: Nansha River; WE: Effluent from the Shahe wastewater treatment plant; R: Shahe 

113 Reservoir, where the dam located.

114 A total of 5 sampling points was set up (Figure 1), covering 3 tributaries, WWTP effluent and 

115 Shahe reservoir, and these monitoring locations belonged to Dongsha River (Eastern, E), Beisha River 

116 (Northern, N), Nansha River (Sourthern, S), wastewater effluent (WE), and Shahe Reservoir (R), 

117 respectively. Beijing experienced its first heavy rainfall of 2019 on July 22nd in the flood season with 

118 a rainfall capacity of 51.6 mm·d-1, a high intensity of 12.9 mm·h-1 with short duration (Figure S1). 

119 According to the national standard of Precipitation Grade released by China in 2012 (GB/T 28592-
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120 2012), the rainfall reached the rainstorm level (30 mm ~ 69.9 mm/12 h). The daily effluent of Shahe 

121 reservoir reached to maximum of 2.171 million m3, and the water level rose 0.2 m during the heavy 

122 rainfall (Table S1). After the heavy rainfall, the surface water samples were collected daily from the 5 

123 sites covering the July 23 nd, 2019 to July 28 nd, 2019 (30 samples in total). There was no more 

124 precipitation throughout the sampling period. The water samples were collected and stored in 

125 compliance with the Manual for Quality Assurance of Environmental Water Quality Monitoring 

126 standards (second edition), where an equivalent volume (1.0 L) of surface water was collected below 

127 the surface of 5-10 cm as close to the river's midpoint as practicable. The samples were preserved at 

128 4℃ before being transported to the laboratory within 24 h, where 500 mL of water was filtered through 

129 0.22 µm of mixed cellulose ester membranes (47 mm diameter, Millipore, Tianjin Experiment 

130 Equipment Co. Ltd, CHN), and the filters were stored at −80 ℃ until DNA extraction. 

131 2.2. Analyses of physico-chemical parameters

132 Water temperature (T), Dissolved oxygen (DO), pH, Chlorophyll a (Chl-a) and turbidity were 

133 measured on site. Total nitrogen (TN), ammonium nitrogen (NH3-N), nitrate nitrogen (NO3-N), total 

134 phosphorus (TP), phosphate (PO4
3--P), chemical oxygen demand (COD), and total organic carbon 

135 (TOC) were analyzed according to the national standard methods (GB 17378.4-2007). Rainfall data 

136 were recorded by the rain gauge installed on site (model: QS-3000, Qingyi Electronic Technology Co., 

137 Ltd., Handan Development Zone) every 5 mins.

138 2.3. DNA extraction and Illumina sequencing

139 The filters were used to extract the genomic DNA through the FastDNA Spin Kit for Soil 

140 Extraction Kit (MP Biomedicals, Inc. USA) according to the manufacturer's instructions. The DNA 

141 extracts were checked on 1% agarose gel, and DNA concentration and purity were determined by 
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142 NanoDrop 2000 UV-vis spectrophotometer (Thermo Scientific, Wilmington, USA). DNA samples 

143 were then sent to Majorbio Bio-pharm Technology (Shanghai, China) for quality inspection, 

144 amplification, purification and subsequent sequencing. 

145 The primers of 515F/806R targeting the 16S rRNA of prokaryotes, Euk1391F/EukBrDR target 

146 the 18S rRNA of the eukaryotes and p23SrV_f1/p23SrV_r1 targeting the 23S rRNA of the algae were 

147 used for the prokaryotic, eukaryotic and algal community analysis, respectively (Caporaso et al., 2011; 

148 Saunders and McDonald, 2010; Sherwood and Presting, 2007). Purified amplicons pooled in 

149 equimolar were paired-end sequenced on an Illumina MiSeq PE300 platform/NovaSeq PE250 

150 platform (Illumina, San Diego, USA) according to the standard protocols. The raw reads were 

151 deposited into the NCBI Sequencing Read Archive (SRA) database with the accession number of 

152 PRJNA832875.

153 2.4. Bioinformatics analysis

154 An average of 51,572 16S rRNA reads, 123,000 18S rRNA reads, and 123,030 23S rRNA reads 

155 were collected for each sample. The QIIME2 pipeline of the version 2021.4 was used for the following 

156 bioinformations analysis (Bolyen et al., 2019). Briefly, the raw data were firstly incorporated into the 

157 QIIME2 using the command associated with paired-ended data, and then DADA2 was used with the 

158 default parameters to remove the primers, denoise and join the reads into exact amplicon sequence 

159 variants (ASVs) (Callahan et al., 2016). The taxonomy of the ASVs was assigned taxonomy with the 

160 feature-classifier plugin in QIIME2 (Bokulich et al., 2018), where the RDP database (Lan et al., 2012), 

161 PR2 database (Vaulot et al., 2022) and the µgreen database (Djemiel et al., 2020) were adopted for the 

162 prokaryotic, eukaryotic, and algal community analysis, respectively.
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163 2.5. Statistical analysis

164 The principal component analysis (PCA) and Redundancy analysis (RDA) were conducted with 

165 Canoco (Version 5.0). Analysis of variance (ANOVA) and Pearson correlation were done with SPSS 

166 26.0 (Version 12). The microbial source tracking (MST) was performed using fast expectation-

167 maximization microbial source tracking (FEAST) (Shenhav et al., 2019) in R with default parameters 

168 to identify the potential contribution of E, N, S and WE to the development of microbial community 

169 in reservoir (R). The modules of the microbial community were identified through the co-occurrence 

170 network analysis for prokaryotic, eukaryotic, and algal community separately with the spearman's 

171 correlation coefficient >0.7 and p<0.001, the abundance differences of the modules were determined, 

172 and then, the correlation/regression analysis between the identified modules and concerned physico-

173 chemical parameters were further conducted to identify the major environmental factors influencing 

174 the specific module. In order to identify the key nodes connecting the interaction among the 

175 prokaryotic, eukaryotic, and algal community, the network analysis through the ASVs along with the 

176 environmental factors were done and visualized by Gephi (Bastian et al., 2009), where the edges 

177 indicate the strong correlations between nodes with a spearman’s rank correlation (r>0.7, p<0.05).

178 3. Results and discussion

179 3.1. Changes of the water quality indexes response to heavy rainfall

180 The heavy rainfall caused some disturbance of the water quality indicators in the Shahe Reservoir 

181 area. The heavy rainfall directly led to the increase of turbidity in the reservoir area, with turbidity 

182 rising by 560.1%. At the same time, the organic pollutants of COD and TOC in the reservoir area 

183 increased, although TP decreased by 68.2%, but the inorganic pollutants like phosphate and NH3-N 

184 also increased (Table S2-S3 and Figure S2-S3). This indicated that amounts of runoff flowed into the 
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185 reservoir along with the heavy rainfall. The increase in Chl-a occurs after the heavy rainfall, and the 

186 maximum value increased from 57.45 μg·L-1 to 219.88 μg·L-1 in this area (Figure S4-S5). This is 

187 primarily due to algae development, which is influenced by T, flow rate, and N/P ratio after the heavy 

188 rainfall.

189 The peak values of DO, Chl-a, turbidity, TP, phosphate, NH3-N and TOC appeared on the first day 

190 of rainfall in E. Except for TOC, and the other indexes may recover on the second day after a rainfall. 

191 The rainfall had a significant impact on the water quality in N. Except for pH and TP, most of the 

192 indicators increased, such as Chl-a (105.4%), Turbidity (263.3%), TN (107.4%), NH3-N (398.6%). 

193 Among the three tributaries, S is the most contaminated, and the water quality has not yet met the 

194 requirement the level of surface water Grade IV (Figure S3). The majority of the concerned parameters 

195 were reduced after the rainfall due to dilution effect by the rainfall for S, such as Chl-a and turbidity, 

196 which decreased by 50.2% and 195.4%, respectively. Nonetheless, it resulted in a 295.6% increase in 

197 NH3-N. The water quality of WE remained steady and was not significantly influenced by the rainfall. 

198 In summary, the heavy rainfall has a certain impact on the Shahe reservoir area, but the overall impact 

199 is not strong, and it can recover on its own soon within a week.

200 3.2. Changes of prokaryotic community response to heavy rainfall.

201 After the heavy rainfall, prokaryotic community showed compositional changes in habitats and 

202 time at the phylum level. The dominant phylum belonged to Proteobacteria (49.69%±15.34%), 

203 Bacteroidetes (20.50%±7.38%) and Actinobacteria (7.47%±5.54%) (Figure 2a and Figure S6a).  

204 Proteobacteria had the highest abundance in the WE (77.63%±16%), where the maximum reached to 

205 95.32% on the first day after the rainfall. RDA analysis revealed that Proteobacteria has a significant 

206 positive correlation with NO3-N (p<0.01), and it was significantly and negatively correlated with 

This preprint research paper has not been peer reviewed. Electronic copy available at: https://ssrn.com/abstract=4225063

Pr
ep

rin
t n

ot
 p

ee
r r

ev
ie

w
ed



11

207 organic pollutants COD, pH, turbidity, and Chl-a (Figure S7a). In the first two days after the heavy 

208 rainfall, the abundance of Proteobacteria in R was the lowest (less than 33.0%), but it rebounded along 

209 with time. Bacteroidetes were significantly and positively correlated with TP, phosphate and TOC, but 

210 negatively correlated with NO3-N (p<0.05). Bacteroidetes showed obvious peaks in the E and N, and 

211 returned to normal after 1-2 days after the rainfall, which indicated that the increase of Bacteroidetes 

212 might be associated with the runoff caused by the heavy rainfall.

213
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214
215

216 Figure 2. Changes of the prokaryotic community composition response to the heavy rainfall: (a) 

217 Phylum level; (b) Heatmap showing the top 10 genus in each sample; (c) FEAST analysis; (d) PCA 

218 analysis at the genus level. 
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219 The Flavobacterium (4.46%±5.05%) are the most common genera in this area (Figure 2b). The 

220 Flavobacterium is most abundant in E and N with the relative abundance of 16.85 and 17.94%, 

221 respectively, and it is thought to be involved in a number of key ecological roles during algae blooms. 

222 The Aliarcobacter under Campilobacterota had a considerable rise on the first day following the heavy 

223 rainfall in E, N and S. The Aliarcobacter is a kind of nteric and potentially zoonotic pathogen (Hänel 

224 et al., 2021), and is mainly isolated from human waste septic tanks and closely associated with the 

225 urban non-point source (Ogonowski et al., 2018). The Aliarcobacter in Shahe reservoir could well 

226 represent the runoff flowing into the rivers, and the Aliarcobacter was also considered to be abundant 

227 in the combine sewage overflows (CSOs) in Shahe reservior as our previous study indicated (Zhang 

228 et al., 2022). The S introduced much higher abundance of Aliarcobacter compared to other tributaries, 

229 which indicated higher pollution caused by the heavy rainfall in S. Besides, the heavy rainfall also 

230 introduced other human potential pathogens like Aeromonas and Pseudomonas as shown in Figure 2b. 

231 The waterborne disease caused by the heavy rainfall is also one of the most concerns for the global 

232 climate change, because the frequent heavy rainfall associated with the climate change would 

233 introduce amounts of pathogenic microorganisms into the waters through the CSOs and runoff. The 

234 waterborne diseases associated with the Aliarcobacter, Aeromonas, and Pseudomonas should be paid 

235 more attention in the flood season in Shahe reservoir area. Fortunately, these human potential 

236 pathogens could be effectively reduced, and the prokaryotic community could recover within a week 

237 (Figure 2b).

238 To unravel the effect of different water sources including E, N, S and WE on the development of 

239 prokaryotic community in the reservior, the fast expectation-maximization of microbial source 

240 tracking was performed through the FEAST. The samples from the R were employed as the sinks, 
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241 while tributaries and WE samples were used as the sources (Figure 2c and Table S4). Results showed 

242 that the S contributed the most (42.29±13.60%) to the development of the prokaryotic community in 

243 R, followed by N (5.60±3.62%), E (3.47±2.56%) and WE (0.84±0.89%). This was related to the largest 

244 flow volume and high pollution status of the S, and the results also well corresponded to the PCA and 

245 Alpha indices (Figure 2d and Figure S8), where the samples from S are highly similar to those from 

246 the R, while the samples of E and N are closer. But interestingly, except for R, the samples of the other 

247 monitoring points showed an aggregation state in the early stage after the rainfall, and gradually 

248 showed this geographical difference with the change of time.

249 3.3. Changes of eukaryotic community response to heavy rainfall.

250 The Ciliophora (29.63±12.79%), Metazoa (15.52±7.91%), and Fungi (14.85±9.66%) were the 

251 dominant phylum in eukaryotic community (Figure 3a and Figure S6b). The abundance of the 

252 dominating phylum was consistent between sites, where the abundance of Ciliophora was consistently 

253 above 20%. Ciliophora is often the dominating species in the effluent of wastewater treatment plants, 

254 and it was recognized as the dominant species in 160/228 protozoa previously detected in activated 

255 sludge plants (Zahedi et al., 2019). This was in accorandace with the high ratio of reclaimed water 

256 from the wastewater treatment plants. The RDA analysis revealed that Ciliophora showed no 

257 significant relationship with environmental variables (Figure S7b). Fungi, as opposed to bacteria, are 

258 often considered as the important primary producers and food chain drivers in reservoirs, where they 

259 have the potential to prevent harmful algal growth in freshwater ecosystems (Jia et al., 2013; Zhang et 

260 al., 2015). Metazoa had a substantial and positive correlation with pH. Fungi had a very significant 

261 positive connection with NO3-N (p<0.01), and a significantly negative correlation with TOC (p<0.05). 

262
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263

264

265 Figure 3. Changes of eukaryotic community composition response to the heavy rainfall: (a) Phylum 

266 level; (b) Heatmap showing the top 10 genus in each sample; (c) FEAST analysis; (d) PCA analysis at 

267 the genus level.
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268 The major genus varied from the different monitoring sites when it comes to the eukaryotic 

269 community (Figure 3b). In the R, the dominant genus was Colpodellida_CHR1_X (5.66±4.4%), and it 

270 was unclassified_Hypotrichia (5.50±5.30% and 13.18±7.54%, respectively) for the E and N. 

271 Nonetheless, the dominant genus in S was Perkinsida_XXX (7.57±7.26%), while the dominant genus 

272 in WE was Frontoniidae_1_X (8.13±16.27%). No significant change trend was discovered after the 

273 heavy rainfall, but heatmap clustering revealed that Rotifera_XXX, Colpodellida_CHR1_X, 

274 Perkinsida_XXX, and Oxytricha peaked on the first day following the heavy rainfall, although the 

275 abundance of them was soon recovered. Rotifera is often the most important zooplankton in the 

276 reservoir (Yu et al., 2021). In comparison to prokaryotic community, the eukaryotes are rather stable 

277 (Figure 3b), and no discernible eukaryote closely associated with the runoff was figured out in this 

278 study. 

279 The contribution by the E, N, R and WE to the development of eukaryotic community in the R 

280 was also determined through the FEAST analysis, and the results were: 3.11±1.96% for E, 15.38±13.06% 

281 for N, 36.68±14.11% for S, and 12.41±21.44% for the WE (Figure 3c; Table S4). The S is still the 

282 major contributor to the development of eukaryotic community in the R. According to the PCA results 

283 and Alpha indices (Figure 3d and Figure S9), it was found that the aggregation degree of the samples 

284 at different monitoring points was high, and there was no significant difference between the samples 

285 over time.

286 3.4. Changes of algal community response to heavy rainfall.

287 The Bacillariophyta and Cyanobacteria are the two most important phylum for the algal 

288 community (Figure 4a and Figure S6c). The main phylum in E, S and R were Bacillariophyta 

289 (35.84±9.81%, 45.28±10.62% and 58.28±7.46%, respectively) and Cyanobacteria (18.32±6.93%, 
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290 31.79±5.13% and 21.00±9.15%, respectively), while that of N was Bacillariophyta (22.38±11.53%) 

291 and Ochrophyta (19.46±14.86%). In WE, Ochrophyta was the main phylum (31.84±16.38%), and 

292 Cyanobacteria were the secondary phylum (20.40±4.18%). The prevalence of Bacillariophyta was 

293 closely linked to both TN and TP (Peng et al., 2021), and Bacillariophyta had a positive connection 

294 with pH, TP, and NH3-N, but a negative correlation with NO3-N (p<0.01) (Figure S7c). Harmful algal 

295 are more of Cyanophyta phytoplankton in shallow lakes, whereas Bacillariophyta is the more common 

296 catastrophic bloom species in reservoirs (Dong, 2011). Bacillariophyta are eukaryotic creatures with 

297 strong siliceous cell walls, big cells, and a high density, making them better suit to flowing water and 

298 relatively cold water habitats (Lin and Lin, 1999). The pH, DO, Chl-a, and COD are all positively 

299 correlated with Cyanobacteria (p<0.05), while DO is strongly favorably correlated (p<0.01). The 

300 phylum is easy to develop at high-eutrophication monitoring sites, and an increase in Cyanobacteria 

301 content will result in an increase in Chl-a content, which corresponds to the rich Cyanophyta content 

302 in S and R. For R, Ochrophyta peaked on the last day of rain, while Cyanobacteria peaked on the first 

303 day of rainfall. The remaining points of the Ochrophyta peaked on the first day after the rain, whereas 

304 the Bacillariophyta and Cyanobacteria's points peaked between the 3-6th days following the rain. This 

305 may be due to the large amount of rainfall causes dilution of each tributary, and the non-point source 

306 pollution generated by runoff is confluent into the R, where the water flow was largely reduced. 

307 As for the genus level, the major algae belonged to the Cyclotella (24.42±3.81%) and 

308 Nannochloropsis (13.35±5.64%) (Figure 4b). The major genus in E was Thalassiosira (17.13%) 

309 followed by Nannochloropsis (15.29±7.01%), and it was Nannochloropsis (14.75±10.07% and 

310 30.52±16.79%, respectively) for N and WE. While the major genus in S and R belonged to the 

311 Cyclotella (43.17±10.59% and 53.15±6.88%, respectively). Interestingly, the Cyclotella peaked on the 
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312 sixth day after the heavy rainfall especially for N, S and WE, where the abundance reached to the 58.48% 

313 in S. The notorious Microcystis closely associated with eutrophication also showed its peak at 4.49 % 

314 on the sixth sampling day. These could well explain the increase of concentration of Chl-a after the 

315 heavy rainfall. It seemed that heavy rainfall did not directly change the algal community like the 

316 prokaryotic community, but the changes of the environmental conditions and nutrition after the heavy 

317 rainfall favored the changes of the algal community. That is, it is not a recovery process for the agal 

318 community after heavy rainfall, instead, it triggered the following growth of the algal community. The 

319 results from the FEAST analysis showed that the S was still the major contributor to the development 

320 of algal community in the R with 7.54%±9.24% for E, 1.99%±3.66% for N, 13.98%±14.89% for S, 

321 and 1.56%±2.71% for the WE (Figure 4c; Table S4). According to the PCA results and Alpha indices 

322 (Figure 4d and Figure S10), it was found that except for R, the samples at the other monitoring points 

323 were scattered over time. Interestingly, these samples showed a dispersed state in the early days after 

324 the rainfall, and the samples by the fifth and sixth days showed an aggregated state. 

325
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326

327

328 Figure 4. Changes of algal community composition response to heavy rainfall: (a) Phylum level; (b) 

329 Heatmap showing the top 10 genus in each sample; (c) FEAST analysis; (d) PCA analysis at the genus 

330 level.
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331 3.5. Co-occurrence analysis showing the environmental variables affecting the microbial 

332 community response to heavy rainfall

333 Significant correlations between ASVs in the three communities (R> 0.7, p<0.001; indicated by 

334 gray lines) were visualized using co-occurrence network analysis separately (Figure 5). The modules 

335 were identified, and the cumulative relative abundance in each module was calculated, and thus, the 

336 responses of the primary modules to environmental conditions can be investigated. Because E and N 

337 flowed into R after confluence, the E and N are combined together as EN during the analysis. As for 

338 the prokaryotic community, the modules with the largest cumulative abundance of differential ASVs 

339 were TM1 and TM2 (Figure 5a and 5d). The TM1, TM2, TM3 and TM4 could represent the EN, R, S 

340 and WE, respectively. Through the correlation analysis between the modules and environmental 

341 parameters, the prokaryotic community in EN correlated significantly and negatively with DO (Figure 

342 S11). The prokaryotic community in R have significantly positive correlations with Chl-a, pH, 

343 turbidity, COD, TOC (p<0.01) and T (p<0.05), but is negatively linked with NO3-N (p<0.01). While 

344 the prokaryotic community in S correlated significantly positive with T, TP, TN, phosphate and NH3-

345 N (p<0.01), and the prokaryotic community in WE showed significantly negative with turtidity, TP 

346 (p<0.05) and TOC (p<0.01) but positive with NO3-N (p<0.01) and TN (p<0.05).

347 In eukaryotic community, the modules with the highest cumulative abundance of differential 

348 ASVs were TM3 and TM1 (Figure 5c and 5d). The S and R contained the abundant TM2 and TM3. 

349 The TM2 significantly and positively correlated with pH, T, turbidity, TOC, TP (p<0.01), but 

350 negatively correlated with NO3-N and TN (p<0.05) (Figure S12). The TM3 which significantly and 

351 positively correlated with Chl-a, DO, pH, T, turbidity, COD, TOC, TP (p<0.01), but negatively 

352 correlated with NO3-N (p<0.01). WE has the highest cumulative abundance in TM4, which was 

This preprint research paper has not been peer reviewed. Electronic copy available at: https://ssrn.com/abstract=4225063

Pr
ep

rin
t n

ot
 p

ee
r r

ev
ie

w
ed



21

353 significantly positively correlated with NO3-N (p<0.05), and significantly negatively correlated with 

354 Chl-a, pH, T, turbidity, COD, TOC, TP (p<0.05).

355 As for algal community, the module with the highest cumulative abundance of differential ASVs 

356 was TM1 (Figure 5e and 5f). The TM1 and TM2 could represent the S and R, and the TM3 and TM4 

357 could represent the EN. R followed by S contained the highest abundance of TM1, which was 

358 positively correlated with Chl-a, pH, turbidity, COD, TOC and T (p<0.05), but negatively correlated 

359 with NO3-N (p<0.01) (Figure S13). The TM2 was positively correlated with Chl-a, pH, turbidity, COD 

360 and T (p<0.05), but negatively correlated with NO3-N (p<0.05). The TM3 was negatively correlated 

361 with DO and pH (p<0.05), and the TM4 was negatively correlated with NO3-N (p<0.05). The TM4 

362 was negatively correlated with DO, pH, Chl-a, COD, TOC and turbidity (p<0.05).

363 According to the network co-occurrence analysis of three different communities, we discovered 

364 that the various modules have significant geographic environment differences. The modules with the 

365 highest cumulative abundance in each community, however, were primarily S and R, and this portion 

366 responded to environmental factors in the following ways: significantly and positively correlated with 

367 Chl-a, pH, turbidity, COD, and TOC (p<0.01), but negatively correlated with NO3-N. These may be 

368 the primary environmental factors influencing the development of the three communities after the 

369 heavy rainfall. 

370
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371

372

373 Figure 5. The modules were identified through the co-occurrence networks based on the significantly 

374 positive pairwise correlations (R>0.7, p<0.001) between ASVs for the prokaryotic (a and d), 

375 eukaryotic (b and e) and algal (c and f) communities. The cumulative relative abundance was 

376 calculated through the sum of the relative abundance of the ASVs in one module.
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377 3.6. Network analysis showing the relationship among prokaryotic, eukaryotic and algal 

378 communities

379 The mantel test found that the three communities are significantly and positively connected (algae 

380 and eukaryote, p=0.0429; eukaryote and prokaryote, p=0.0445; algae and prokaryote, p=0.0427), and 

381 environmental parameters are equally essential to the dynamics of the three microbial communities 

382 (prokaryote and environmental parameters, p=0.0078; eukaryote and environmental parameters, 

383 p=0.0015; algae and environmental parameters, p=0.0001). The Procrustes analysis proved the 

384 relevance of the three communities, and changes of any of the community had a major impact on the 

385 fate of the others (Figure S14), where 45.8% of the prokaryotic community variation was explained 

386 by eukaryotic community (R=0.9331 and 0.7272), 56.4% of the prokaryotic community variation was 

387 explained by algal community (R=0.9089 and 0.8939), and 55% of the eukaryotic community variation 

388 was explained by algal community (R=9553 and 0.7748). 

389 According to the network analysis, 423 edges were captured among the 146 nodes that described 

390 significant correlations between ASVs among the three communities (r>0.7, p<0.05) (Figure 6). 

391 Among them, the number of positive correlations was 384, and it was 39 for the number of negative 

392 correlations. The nodes in the network covered 29 phylums (Prokaryotes: 6; eukaryotes: 15; algae: 8) 

393 and 10 environmental parameters. Among all the connected nodes in the network, the prokaryotes 

394 belonging to Proteobacteria and Bacteroidetes accounted for the highest proportion, while it was 

395 Ciliophora and Fungi for the eukaryotic community, and Cyanobacteria along with Cryptophyta for 

396 the algal community. 

397 From the network structure, it is obvious that the nodes were clustered into 4 modules, which 

398 indicated that there was a modular structure and “small world” topology of the network. The contents 
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399 of the 4 modules were as follows: Module I, environmental factors, eukaryotic and algal community 

400 interaction area; Module II, eukaryotic and prokaryotic community interaction area; Module III, 

401 prokaryotic community interaction area; Module IV, pathogenic microbe interaction area. In Module 

402 I, the key nodes in eukaryote were Rotifera_XXX, Fungi_XXXX and Leptophryidae_X, and it was 

403 Cyclotella, Nannochloropsis and Prochlorothrix for the algal community. Cyclotella is a common 

404 dominant genus in the Shahe Reservoir area, while Rotifera and Leptophryidae have been 

405 demonstrated to be the predatory on algae, and Leptophryidae_X was essential obligatory algivores 

406 (Hess, 2017), and Nannochloropsis is often the object of prey. The Chl-a, turbidity, TP, and TOC were 

407 the most important environmental factor nodes, which were closely related to the external input 

408 induced by the runoff of the heavy rainfall. These important environmental factor nodes were also the 

409 leading factors of the modules with the greatest cumulative abundance in each community in the co-

410 occurrence network analysis (Figure 6). 

411 The Module II contained prokaryotic and eukaryotic communities, and the Halteria and 

412 Paramecium are important nodes in eukaryotes, while Limnohabitans and Leptothrix are key nodes 

413 for the prokaryote. It was indicated that the Ciliophora belong to the bacterial predators, and Zou et 

414 al., ( 2021) found a positive correlation between Proteobacteria and Ciliophora. These suggested that 

415 they were working together in a symbiotic relationship in exchange for photosynthetic products, 

416 nutrients, and/or protection, while Proteobacteria might supply nitrogen, vitamins, and/or defense to 

417 Ciliophora (Bjorbækmo et al., 2020). The network structure revealed that eukaryotes were more likely 

418 to interact and connect with algae and prokaryotes, while the connection between prokaryotic and algal 

419 community was limited. The Module III contained prokaryotic community, and Desertimonas, 

420 unclassified_ Micrococcales and unclassified_ Actinobacteria are important nodes in prokaryotes. 
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421 These prokaryotic microorganisms only interact with Planktothrichoides, and mainly in negative 

422 correlation.

423 Some pathogenic bacteria and WWTP microorganisms, including Prevotella, Aliarcobacter, 

424 Pseudarcobacter, Aeromonas, Tolumonas, Pseudomonas and Phocaeicola, are present in Module IV. 

425 The Aliarcobacter and Pseudarcobacter were generally isolated from the human waste septic tank and 

426 have been implicated in diseases such as enteritis and bacteremia (On et al., 2020). In most cases, 

427 Tolumonas were isolated from anoxic freshwater sediment (Caldwell et al., 2011). Usually, 

428 Phocaeicola were isolated from human feces (Wang et al., 2021). Acinetobacter, Pseudomonas, and 

429 Prevotella were the main potential pathogens carrying the observed ARGs in the recreational seawater 

430 (Jang et al., 2021). This module is small in scale and not closely related to other modules, which could 

431 be brought about by runoff from rainfall. 

432 In summary, the response of prokaryotic, eukaryotic and algal community to the heavy rainfall 

433 was quite different. The prokaryotic community was directly impacted by the heavy rainfall, which 

434 induced amounts of human potential pathogens into the rivers especially for the Aliarcobacter, 

435 Aeromonas, and Pseudomonas. Nonetheless, the prokaryotic community could recover within a week. 

436 The eukaryotic community was stable, and the impact caused by the heavy rainfall was limited. 

437 However, the changes of algal community happened not by the runoff directly but by the 

438 environmental condition after the heavy rainfall, and algal community begined to change and grow not 

439 the recovery after the heavy rainfall. The eukaryotic community not only helped the recovery of the 

440 prokaryotic community on one hand, but also the contributed to the development of the algal 

441 community after the heavy rainfall on the other hand. These results indicated that we should paid more 

442 attention to controlling of the human potential pathogens associated with prokaryotic community at 
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443 the beginning of the heavy rainfall and prevent the eutriphication bloom of the reservoir after the heavy 

444 rainfall.

445

446

447

448 Figure 6. Network analysis between prokaryotic, eukaryotic and algal community together with 

449 environmental factors. The networks established based on the genus for the three communities. Each 

450 node denotes a genus or an environmental factor, and the nodes are colored according to the type of 

451 the microbial community; each edge linking two nodes represents a significant relationship (red for 

452 positive correlation, blue for negative correlation) (p<0.05). 
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453 4 Conclusion

454 The response of prokaryotic, eukaryotic and algal community to the heavy rainfall was 

455 investigated in detail in this study, and the proposals and conclusions were drawn as follows:

456  Heavy rainfall could directly impact the composition of the prokaryotic community by 

457 introducing amounts of runoff closely associated bacteria especially for the human potential 

458 pathogens of Aliarcobacter, Aeromonas, and Pseudomonas in the Shahe reservoir area.

459  The eukaryotic community was rather stable even for the heavy rainfall, and the development 

460 and changes of algal community happened not the beginning of the heavy rainfall but after 

461 it.

462  The microbial source tracking through FEAST indicated that the Nansha river (S) was the 

463 major contributor to the development of the three concerned communities in the reservoir. 

464  The modules with the highest cumulative abundance in each community showed significantly 

465 and positively correlated with Chl-a, pH, turbidity, COD, and TOC (p<0.01), but negatively 

466 correlated with NO3-N (p<0.01). While eukaryotic community played a crucial role on the 

467 interaction between the three concerned communities and were more likely to interact with 

468 algae and prokaryotes. 

469  It was suggested that we should pay more attention to controlling of the human potential 

470 pathogens associated with prokaryotic community at the beginning of the heavy rainfall and 

471 prevent the eutriphication bloom of the reservoir after the heavy rainfall.

472

473 Acknowledgement

474 This work was financially supported by the National Major Science & Technology Projects for 

This preprint research paper has not been peer reviewed. Electronic copy available at: https://ssrn.com/abstract=4225063

Pr
ep

rin
t n

ot
 p

ee
r r

ev
ie

w
ed



28

475 Water Pollution Control and Management of China (2017ZX07102-002), Guangxi Key Research and 

476 Development Program (AB21196036) and Beijing Key Laboratory of water environment and 

477 ecological technology of the watershed (BKL-KF-2021-005-STS). Dr. Junya Zhang is also grateful 

478 for the financial support from Alexander von Humboldt Foundation.

479

480 References

481 Bastian, M., Heymann, S., Jacomy, M., 2009. Gephi: An open source software for exploring and 

482 manipulating networks. BT - International AAAI Conference on Weblogs and Social. Int. 

483 AAAI Conf. Weblogs Soc. Media 361–362. https://doi.org/10.13140/2.1.1341.1520

484 Bjorbækmo, M.F.M., Evenstad, A., Røsæg, L.L., Krabberød, A.K., Logares, R., 2020. The 

485 planktonic protist interactome: where do we stand after a century of research? ISME J. 14, 544–

486 559. https://doi.org/10.1038/s41396-019-0542-5

487 Bokulich, N.A., Kaehler, B.D., Rideout, J.R., Dillon, M., Bolyen, E., Knight, R., Huttley, G.A., 

488 Gregory Caporaso, J., 2018. Optimizing taxonomic classification of marker-gene amplicon 

489 sequences with QIIME 2’s q2-feature-classifier plugin. Microbiome 6, 1–17. 

490 https://doi.org/10.1186/s40168-018-0470-z

491 Bolyen, E., Rideout, J.R., Dillon, M.R., Bokulich, N.A., Abnet, C.C., Al-Ghalith, G.A., Alexander, 

492 H., Alm, E.J., Arumugam, M., Asnicar, F., Bai, Y., Bisanz, J.E., Bittinger, K., Brejnrod, A., 

493 Brislawn, C.J., Brown, C.T., Callahan, B.J., Caraballo-Rodríguez, A.M., Chase, J., Cope, E.K., 

494 Da Silva, R., Diener, C., Dorrestein, P.C., Douglas, G.M., Durall, D.M., Duvallet, C., 

495 Edwardson, C.F., Ernst, M., Estaki, M., Fouquier, J., Gauglitz, J.M., Gibbons, S.M., Gibson, 

496 D.L., Gonzalez, A., Gorlick, K., Guo, J., Hillmann, B., Holmes, S., Holste, H., Huttenhower, C., 

This preprint research paper has not been peer reviewed. Electronic copy available at: https://ssrn.com/abstract=4225063

Pr
ep

rin
t n

ot
 p

ee
r r

ev
ie

w
ed



29

497 Huttley, G.A., Janssen, S., Jarmusch, A.K., Jiang, L., Kaehler, B.D., Kang, K. Bin, Keefe, C.R., 

498 Keim, P., Kelley, S.T., Knights, D., Koester, I., Kosciolek, T., Kreps, J., Langille, M.G.I., Lee, 

499 J., Ley, R., Liu, Y.X., Loftfield, E., Lozupone, C., Maher, M., Marotz, C., Martin, B.D., 

500 McDonald, D., McIver, L.J., Melnik, A. V., Metcalf, J.L., Morgan, S.C., Morton, J.T., Naimey, 

501 A.T., Navas-Molina, J.A., Nothias, L.F., Orchanian, S.B., Pearson, T., Peoples, S.L., Petras, D., 

502 Preuss, M.L., Pruesse, E., Rasmussen, L.B., Rivers, A., Robeson, M.S., Rosenthal, P., Segata, 

503 N., Shaffer, M., Shiffer, A., Sinha, R., Song, S.J., Spear, J.R., Swafford, A.D., Thompson, L.R., 

504 Torres, P.J., Trinh, P., Tripathi, A., Turnbaugh, P.J., Ul-Hasan, S., van der Hooft, J.J.J., Vargas, 

505 F., Vázquez-Baeza, Y., Vogtmann, E., von Hippel, M., Walters, W., Wan, Y., Wang, M., 

506 Warren, J., Weber, K.C., Williamson, C.H.D., Willis, A.D., Xu, Z.Z., Zaneveld, J.R., Zhang, Y., 

507 Zhu, Q., Knight, R., Caporaso, J.G., 2019. Author Correction: Reproducible, interactive, 

508 scalable and extensible microbiome data science using QIIME 2 (Nature Biotechnology, (2019), 

509 37, 8, (852-857), 10.1038/s41587-019-0209-9). Nat. Biotechnol. 37, 1091. 

510 https://doi.org/10.1038/s41587-019-0252-6

511 Caldwell, M.E., Allen, T.D., Lawson, P.A., Tanner, R.S., 2011. Tolumonas osonensis sp. nov., 

512 isolated from anoxic freshwater sediment, and emended description of the genus Tolumonas. 

513 Int. J. Syst. Evol. Microbiol. 61, 2659–2663. https://doi.org/10.1099/ijs.0.023853-0

514 Callahan, B.J., McMurdie, P.J., Rosen, M.J., Han, A.W., Johnson, A.J.A., Holmes, S.P., 2016. 

515 DADA2: High-resolution sample inference from Illumina amplicon data. Nat. Methods 13, 

516 581–583. https://doi.org/10.1038/nmeth.3869

517 Caporaso, J.G., Lauber, C.L., Walters, W.A., Berg-Lyons, D., Lozupone, C.A., Turnbaugh, P.J., 

518 Fierer, N., Knight, R., 2011. Global patterns of 16S rRNA diversity at a depth of millions of 

This preprint research paper has not been peer reviewed. Electronic copy available at: https://ssrn.com/abstract=4225063

Pr
ep

rin
t n

ot
 p

ee
r r

ev
ie

w
ed



30

519 sequences per sample. Proc. Natl. Acad. Sci. U. S. A. 108, 4516–4522. 

520 https://doi.org/10.1073/pnas.1000080107

521 Chu, J., Chen, J., Wang, C., Fu, P., 2004. Wastewater reuse potential analysis: implications for 

522 China’s water resources  management. Water Res. 38, 2746–2756. 

523 https://doi.org/10.1016/j.watres.2004.04.002

524 Djemiel, C., Plassard, D., Terrat, S., Crouzet, O., Sauze, J., Mondy, S., Nowak, V., Wingate, L., 

525 Ogée, J., Maron, P.A., 2020. µgreen-db: A reference database for the 23S rRNA gene of 

526 eukaryotic plastids and cyanobacteria. Sci. Rep. 10, 1–11. https://doi.org/10.1038/s41598-020-

527 62555-1

528 Dong, J., 2011. Analysis on the occurrence, prevention and treatment of diatom bloom in Hengshan 

529 Reservoir. Beijing Water Auth. 289–290.

530 Eckert, E.M., Di Cesare, A., Kettner, M.T., Arias-Andres, M., Fontaneto, D., Grossart, H.-P., Corno, 

531 G., 2018. Microplastics increase impact of treated wastewater on freshwater microbial  

532 community. Environ. Pollut. 234, 495–502. https://doi.org/10.1016/j.envpol.2017.11.070

533 Fang, D., Zhao, G., Xu, X., Zhang, Q., Shen, Q., Fang, Z., Huang, L., Ji, F., 2018. Microbial 

534 community structures and functions of wastewater treatment systems in  plateau and cold 

535 regions. Bioresour. Technol. 249, 684–693. https://doi.org/10.1016/j.biortech.2017.10.063

536 García-Armisen, T., Inceoǧlu, Ö., Ouattara, N.K., Anzil, A., Verbanck, M.A., Brion, N., Servais, P., 

537 2014. Seasonal variations and resilience of bacterial communities in a sewage polluted urban 

538 river. PLoS One 9. https://doi.org/10.1371/journal.pone.0092579

539 Hänel, I., Müller, E., Santamarina, B.G., Tomaso, H., Hotzel, H., Busch, A., 2021. Antimicrobial 

540 Susceptibility and Genomic Analysis of Aliarcobacter cibarius and  Aliarcobacter thereius, 

This preprint research paper has not been peer reviewed. Electronic copy available at: https://ssrn.com/abstract=4225063

Pr
ep

rin
t n

ot
 p

ee
r r

ev
ie

w
ed



31

541 Two Rarely Detected Aliarcobacter Species. Front. Cell. Infect. Microbiol. 11, 532989. 

542 https://doi.org/10.3389/fcimb.2021.532989

543 Heng, B., Zhang, R., Wang, Z., Zhang, Y., Wang, Y., Song, Z., Liu, C., Sun, D., Qi, F., 2021. 

544 Occurrence and risk assessment of volatile halogenated disinfection by-products in an urban 

545 river supplied by reclaimed wastewater. Ecotoxicol. Environ. Saf. 211, 111912. 

546 https://doi.org/10.1016/j.ecoenv.2021.111912

547 Hess, S., 2017. Hunting for agile prey: Trophic specialisation in leptophryid amoebae (Vampyrellida, 

548 Rhizaria) revealed by two novel predators of planktonic algae. FEMS Microbiol. Ecol. 93, 1–

549 12. https://doi.org/10.1093/femsec/fix104

550 Huang, T., Li, X., Rijnaarts, H., Grotenhuis, T., Ma, W., Sun, X., Xu, J., 2014. Effects of storm 

551 runoff on the thermal regime and water quality of a deep,  stratified reservoir in a temperate 

552 monsoon zone, in Northwest China. Sci. Total Environ. 485–486, 820–827. 

553 https://doi.org/10.1016/j.scitotenv.2014.01.008

554 Ibekwe, A.M., Ma, J., Murinda, S.E., 2016. Bacterial community composition and structure in an 

555 Urban River impacted by different pollutant sources. Sci. Total Environ. 566–567, 1176–1185. 

556 https://doi.org/10.1016/j.scitotenv.2016.05.168

557 Jang, J., Kim, M., Baek, S., Shin, Jingyeong, Shin, Juhee, Shin, S.G., Kim, Y.M., Cho, K.H., 2021. 

558 Hydrometeorological Influence on Antibiotic‐Resistance Genes (ARGs) and Bacterial 

559 Community at a Recreational Beach in Korea. J. Hazard. Mater. 403, 123599. 

560 https://doi.org/10.1016/j.jhazmat.2020.123599

561 Jia, Y., Du, J., Fang, H., Zhao, G., Tian, X., 2013. Inhibition of freshwater algal species by co-

562 culture with two fungi. Mater. Sci. Eng. C 33, 2451–2454. 

This preprint research paper has not been peer reviewed. Electronic copy available at: https://ssrn.com/abstract=4225063

Pr
ep

rin
t n

ot
 p

ee
r r

ev
ie

w
ed



32

563 https://doi.org/10.1016/j.msec.2013.01.034

564 Lan, Y., Wang, Q., Cole, J.R., Rosen, G.L., 2012. Using the RDP classifier to predict taxonomic 

565 novelty and reduce the search space for finding novel organisms. PLoS One 7, 1–15. 

566 https://doi.org/10.1371/journal.pone.0032491

567 Lin, X., Lin, R., 1999. Study on the closed value of phosphorus causing harmful diatom blooms in 

568 Xiamen West Port. Oceanol. Limnol. Sin. 391–396.

569 Liu, R., Wang, J., Shi, J., Chen, Y., Sun, C., Zhang, P., Shen, Z., 2014. Runoff characteristics and 

570 nutrient loss mechanism from plain farmland under  simulated rainfall conditions. Sci. Total 

571 Environ. 468–469, 1069–1077. https://doi.org/10.1016/j.scitotenv.2013.09.035

572 Medlin, L., Elwood, H.J., Stickel, S., Sogin, M.L., 1988. The characterization of enzymatically 

573 amplified eukaryotic 16S-like rRNA-coding regions. Gene 71, 491–499. 

574 https://doi.org/10.1016/0378-1119(88)90066-2

575 Meng, Q.Y., Wu, X.H., Zhao, L.X., Liao, R.H., 2011. Water quality variations and improvement 

576 measures of reclaimed water reuse in scenic water in Beijing. Water Resour. Prot. 27, 51–54.

577 Ogonowski, M., Motiei, A., Ininbergs, K., Hell, E., Gerdes, Z., Udekwu, K.I., Bacsik, Z., 

578 Gorokhova, E., 2018. Evidence for selective bacterial community structuring on microplastics. 

579 Environ. Microbiol. 20, 2796–2808. https://doi.org/10.1111/1462-2920.14120

580 On, S.L.W., Miller, W.G., Biggs, P.J., Cornelius, A.J., Vandamme, P., 2020. A critical rebuttal of the 

581 proposed division of the genus Arcobacter into six genera using comparative genomic, 

582 phylogenetic, and phenotypic criteria. Syst. Appl. Microbiol. 43, 126108. 

583 https://doi.org/10.1016/j.syapm.2020.126108

584 Peng, X., Zhang, L., Li, Y., Lin, Q., He, C., Huang, S., Li, H., Zhang, X., Liu, B., Ge, F., Zhou, Q., 

This preprint research paper has not been peer reviewed. Electronic copy available at: https://ssrn.com/abstract=4225063

Pr
ep

rin
t n

ot
 p

ee
r r

ev
ie

w
ed



33

585 Zhang, Y., Wu, Z., 2021. The changing characteristics of phytoplankton community and 

586 biomass in subtropical shallow lakes: Coupling effects of land use patterns and lake 

587 morphology. Water Res. 200, 117235. https://doi.org/10.1016/j.watres.2021.117235

588 Rong, C., Huixin, C., Chang, Q., Feng, H., Cao, X., Zheng, X., Li, Z., Zeng, F., 2021. Characteristics 

589 of plankton community structure in Shahe Reservoir of the North Canal. Acta Sci. 

590 Circumstantiae 41, 239–246.

591 Saunders, G.W., McDonald, B., 2010. DNA barcoding reveals multiple overlooked Australian 

592 species of the red algal order Rhodymeniales (Florideophyceae), with resurrection of Halopeltis 

593 J. Agardh and description of Pseudohalopeltis gen. nov. Botany 88, 639–667. 

594 https://doi.org/10.1139/B10-038

595 Semenza, J.C., 2020. Cascading risks of waterborne diseases from climate change. Nat. Immunol. 

596 21, 484–487. https://doi.org/10.1038/s41590-020-0631-7

597 Shabarova, T., Salcher, M.M., Porcal, P., Znachor, P., Nedoma, J., Grossart, H.P., Seďa, J., Hejzlar, 

598 J., Šimek, K., 2021. Recovery of freshwater microbial communities after extreme rain events is 

599 mediated by cyclic succession. Nat. Microbiol. 6. https://doi.org/10.1038/s41564-020-00852-1

600 Shenhav, L., Thompson, M., Joseph, T.A., Briscoe, L., Furman, O., Bogumil, D., Mizrahi, I., Pe’er, 

601 I., Halperin, E., 2019. FEAST: fast expectation-maximization for microbial source tracking. 

602 Nat. Methods 16, 627–632. https://doi.org/10.1038/s41592-019-0431-x

603 Sherwood, A.R., Presting, G.G., 2007. Universal primers amplify a 23S rDNA plastid marker in 

604 eukaryotic algae and cyanobacteria. J. Phycol. 43, 605–608. https://doi.org/10.1111/j.1529-

605 8817.2007.00341.x

606 Sun, W., Wang, L., Liu, J., Zhang, J., Yu, D., Dian, L., Lu, T., Zhang, S., Wei, Y., 2019. Nutrients 

This preprint research paper has not been peer reviewed. Electronic copy available at: https://ssrn.com/abstract=4225063

Pr
ep

rin
t n

ot
 p

ee
r r

ev
ie

w
ed



34

607 distribution and its sources analysis of sediments in Shahe reservoir of Northern Canal. 

608 Huanjing Kexue Xuebao/Acta Sci. Circumstantiae 39, 1581–1589. 

609 https://doi.org/10.13671/j.hjkxxb.2019.0067

610 Tram VO, P., Ngo, H.H., Guo, W., Zhou, J.L., Nguyen, P.D., Listowski, A., Wang, X.C., 2014. A 

611 mini-review on the impacts of climate change on wastewater reclamation and reuse. Sci. Total 

612 Environ. 494–495, 9–17. https://doi.org/https://doi.org/10.1016/j.scitotenv.2014.06.090

613 Vaulot, D., Geisen, S., Mahé, F., Bass, D., 2022. pr2-primers: An 18S rRNA primer database for 

614 protists. Mol. Ecol. Resour. 22, 168–179. https://doi.org/10.1111/1755-0998.13465

615 Wang, C., Li, S., Zhang, Z., Yu, Z., Yu, L., Tian, F., Chen, W., Zhai, Q., 2021. Phocaeicola faecalis 

616 sp. nov., a strictly anaerobic bacterial strain adapted to the human gut ecosystem. Antonie van 

617 Leeuwenhoek, Int. J. Gen. Mol. Microbiol. 114, 1225–1235. https://doi.org/10.1007/s10482-

618 021-01595-7

619 Xin, Y., Li, P., Wu, J., Xu, C., Shen, P., Wei, Y., Zhang, J., 2021. Impacts of heavy rainfall on the 

620 water quality of Shahe Reservoir in the North Canal Basin. Acta Sci. Circumstantiae 41, 199–

621 208.

622 Yu, W., Yu, H., Zhang, J., Qin, B., Liu, Y., Qu, D., Liu, Z., Qian, X., Li, P., Guo, P., 2021. 

623 Efficiency and mechanism of purification of low C/N rivers and lakes receving reclaimed water 

624 by an integrated pond-wetland system. Acta Sci. Circumstantiae 41, 263–272.

625 Zahedi, A., Greay, T.L., Paparini, A., Linge, K.L., Joll, C.A., Ryan, U.M., 2019. Identification of 

626 eukaryotic microorganisms with 18S rRNA next-generation sequencing in wastewater treatment 

627 plants, with a more targeted NGS approach required for Cryptosporidium detection. Water Res. 

628 158, 301–312. https://doi.org/10.1016/j.watres.2019.04.041

This preprint research paper has not been peer reviewed. Electronic copy available at: https://ssrn.com/abstract=4225063

Pr
ep

rin
t n

ot
 p

ee
r r

ev
ie

w
ed



35

629 Zhang, H., Huang, T., Chen, S., 2015. Ignored sediment fungal populations in water supply 

630 reservoirs are revealed by quantitative PCR and 454 pyrosequencing. BMC Microbiol. 15, 1–

631 11. https://doi.org/10.1186/s12866-015-0379-7

632 Zhang, J., Yu, D., Dian, L., Hai, Y., Xin, Y., Wei, Y., 2022. Metagenomics insights into the profiles 

633 of antibiotic resistome in combined sewage overflows from reads to metagenome assembly 

634 genomes. J. Hazard. Mater. 429, 128277. https://doi.org/10.1016/j.jhazmat.2022.128277

635 Zhang, Q., Xu, C., Becker, S., Jiang, T., 2006. Sediment and runoff changes in the Yangtze River 

636 basin during past 50 years. J. Hydrol. 331, 511–523. 

637 https://doi.org/https://doi.org/10.1016/j.jhydrol.2006.05.036

638 Zhu, L., Bai, H., Chen, B., Sun, X., Qu, K., Xia, B., 2018. Microplastic pollution in North Yellow 

639 Sea, China: Observations on occurrence,  distribution and identification. Sci. Total Environ. 

640 636, 20–29. https://doi.org/10.1016/j.scitotenv.2018.04.182

641 Zou, K., Wang, R., Xu, S., Li, Z., Liu, L., Li, M., Zhou, L., 2021. Changes in protist communities in 

642 drainages across the Pearl River Delta under anthropogenic influence. Water Res. 200, 117294. 

643 https://doi.org/10.1016/j.watres.2021.117294

644

This preprint research paper has not been peer reviewed. Electronic copy available at: https://ssrn.com/abstract=4225063

Pr
ep

rin
t n

ot
 p

ee
r r

ev
ie

w
ed


